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Regression: predicts real-valued labels
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Input: D = {(x®, D)} (I =1:N)
forj=0,...,d
wj < rand (-0.01, 0.01)
repeat
forj=0,....d
AWj —0
for/=1,....N
y<—0
forj=0,...,d
y«—y+ wjxj(l)
Aw; «—Aw; +(rD-y)x;D
AWJ':AWJ' /N
forj=0,....d
wj < wj + nlw;
until convergence
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When some column vectors are not independent (e.g., x,=3x;), then

XX is singular, thus w* = (X"X) ' XTr cannot be directly calculated.
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[ Penalty to model amounts to data augmentation (adding data prior) ]
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Python

https://colab.research.google.com/github/cs23 1n/cs23 In.github.io/
blob/master/python-colab.ipynb

Linear regression with Python

https://www.kaggle.com/code/sudhirnl7/linear-regression-
tutorial/data?select=insurance.csv
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What' s Next? WHAT'S
NEXT?

Classifications

Find a decision boundary that maximizes the margin
between two classes.

Machine Learning

— Supervised Learning
— Regression
— Classification(V)

— Unsupervised Learning

— Reinforcement Learning

Machine Learning: Chapter 2



